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“A few samples from the MNIST test dataset” by Josef Steppan (CC BY-SA 4.0)
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https://ja.wikipedia.org/wiki/%E3%83%95%E3%82%A1%E3%82%A4%E3%83%AB:MnistExamples.png
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https://www.kitp.org/class/doku.php?id=data_literacy:lecture13
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https://www.kitp.org/class/doku.php?id=data_literacy:lecture13
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https://commons.wikimedia.org/wiki/File:Neuron_Hand-tuned.svg
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Frank Rosenblatt (1958). “The Perceptron: A Probabilistic Model for Information Storage and Organization in
the Brain”. Psychological Review.
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